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Understanding the health implications of sleep

M From one night of sleep, we can
BB predict risks for |30 diseases

with SleepFM.
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We spend |/3 of our lives asleep, but it’s underexplored by Al
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Collecting a large sleep dataset

Multi-modal measurement of sleep

brainwaves airflow snoring
(BAS) (Respiratory) (Respiratory)
blood oxygen level heart activity leg movements
(Respiratory) (EKG) (EMG)

128 Hz
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Collecting a large sleep dataset
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SleepFM: Learning the language of sleep
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SleepFM predicts risks of diverse diseases

| 30 diseases with
C-index >0.75
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SleepFM predicts risks of diverse diseases
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SleepFM learns effective representation of sleep

Bl SleepFM vs. Demographics SleepFM vs. End-to-End PSG > Mean
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Benefit of the sleep foundation model
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Scientific insights

REM sleep stage most predictive for many diseases
including dementia, chronic kidney disease, hypertension.

Brain activity signal more predictive for mental and
neurological conditions.

EKG signals more predictive for circulatory conditions.

SleepFM is open source and open data!
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High-Level Research Plan
» Broad disease categories
« Patient Cohort, etc.

-
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Sleep Expert

Data Sources
« PSG (EEG, EMG, ECG, etc)
« EHR (Diagnosis., Meds, etc)
* Proteomics
| * Questionnaires

Available Tools
» SleepFM
« Sleep Specific Tools
o Hypnodensities
o Apnea
o Arousals
o Spindles and Slow Waves,
etc
* EHR query
| « PubMed/Google Search
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Thanks!
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