Lecture 9:
Kernel PCA;
Factor Analysis

Lester Mackey

April 28, 2014

Stats 306B: Unsupervised Learning




Kernel PCA example

Raw data Kernel PCA, Quadratic kernel
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Kernel PCA example

Raw data
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Second component

Kernel PCA, Gaussian kernel
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Kernel PCA vs. spectral clustering
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NN Radial Kernel (c=2) Radial Kernel Laplacian (c=2)
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Blackboard discussion
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» See |lecture notes



