BIDAF Model Optimization and QANet Model Re-implementation on
SQuAD2.0

Yulian ZHOU
Department of Computer Science
zhouyl@stanford.edu

Dataset — SQuAD2.0 Model Architecture Model Comparison

BIDAF: A bi-directional attention flow network[1]
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. Add building blocks to the baseline BIDAF model

Truth:No answer Predict:A

. Explore attention mechanisms in BIDAF model
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Table: Performance comparison of different BIDAF models S I 120 ~ 120 (e P 20T 120 S PR A
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- F1 scores: harmonic mean of precision and recall : : .
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- AVNA: Answer vs. No Answer predlctlon 4 96 3 24 60.7864.36 Bidirectional attention flow for machine comprehension.
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