
Deep Retriever: Information Retrieval for Multi-hop Question Answering
Vera Lin, Leo Mehr, Zijian Wang

{veralin, leomehr, zijwang}@stanford.edu

Stanford University | CS224N | Winter 2019

Problem

Data

References

Task

Conclusions

● Create a new dataset with heuristically-inferred 
labels for query generation tasks

● Build a deep-learning based pipeline to perform 
multi-hop retrievals

● Increase EM by 24.8% and F1 by 15.6% over the 
existing baselines
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In which city did Mark Zuckerberg go to college?

Mark Zuckerberg -> Harvard -> Cambridge, MA

Query 2 Generator Performance 

End-to-End Performance

● Baseline ES comparable to HotpotQA
● Deep Retriever boosts performance:

○ ~20% better than Baseline ES, up to ~100% better than HotpotQA 

● Open-domain QA

● Multi-hop QA

● Information retrieval w/

We propose a deep learning-based IR pipeline 
that is designed for multi-hop question 
answering with Elasticsearch.

● Adapted HotpotQA dataset

● 482,021 paragraphs








