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Our best model achieved a F1 score of 0.68 on dev and 0.64 on test set. It
achieved an EM score of 0.62 and 0.60 on dev and test set respectively.
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Figure 1. SQUAD 2.0 Question Breakdown
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The efficiency of a Rankine cycle is usually limited by the working fluid. Without the pressure
reaching supercritical levels for the working fluid, the temperature range the cycle can operate
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