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Baseline & Final model

Our baseline was the BiDAF architecture [2] which was the state of the art when QANet was published.
One of the main contribution of that paper was the bidirectional attention flow layer that coupled the
query and the context to model that produce a set of query-aware vectors for each word in the context.
—>Limitation: probabilities of the beginning and end of the answer are created independently, while one
can expect it to be closely related.

Experiments & Results:

We experimented with the QANet

Abstract:

Recurrent Neural Networks were historically
successful architecture for Machine Reading
Comprehension. QANet was the first
architecture to achieve higher performance
with only convolutions and self-attention. In
this paper, we discuss its implementation and
architecture with an emphasis made on the
model use of parameters. We tested the
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