
Object/Defect Removal via SR-based Inpainting and Sparse Coding 
Haihong Li, Joanna Xu, Chen Zhu 

Department of Electrical Engineering, Stanford University


Motivation


Proposed Methods


see


Related Work


Experimental Results


ü  Object removal is a topic highly involved in a wide range of image 
reconstruction applications:  restoration of corrupted or defected 
images, scene reconstruction, film production, etc. 

ü We strive to develop advanced methods and enhance the existing pixel-
filling framework, referencing textural/structural inpaint approaches 

ü  Further refinement of the restored image is needed in order to create 
better visual experience for the viewer 
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•  pre-defined dictionary: DCT coefficients, 
wavelet 

•  learn dictionary: K-SVD 
Find Dictionary 

•  Relaxation: Basis Pursuit 
•  Greedy: (Orthogonal) Matching Pursuit 

Solve optimization 
problem (not convex!) 
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Text mask 14.03dB 30.9dB 33.09dB 

Random mask 19.09dB 33.68dB 35.94dB 

80% pixel loss 6.42dB 24.27dB 26.75dB 
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