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Introduction Problem Statement Method

e |mage deblurring is a highly relevant  \ne will deblur by first inputting the  ® Used subset of ImageNet dataset 1. |nputted images into a Wiener filter

problem: ~1.2 trillion photos taken images into a sequence of Wiener (1153 images) with 15 different values of SNR.
in 2017, 85% of them on  Fiters and then dynamically ® Created four blur kernels perimage 2. Fed stack of 15 output images into the
smartphones. combining the Wiener filter output using Gaussian sampling from a  neural network (see below [2])

e Neural Networks give the ability to  ysing 5 convolutional  neural mechanical motion process [1][3]. 3. Applied bilateralfilter to output of NN
infer complex priors on images. network. e Added Gaussian and Poisson noise 4 Usedsquared norm loss and PSNR for

an accuracy measurement
5. Compared results to traditional
Wiener Filtering.
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